
Process Clarity Before Agent 
Design: Why Strategic AI 
Transformations Require 
Different Rules
How forensic process decomposition separates 
successful agentic AI deployments from expensive 
pilot programs that never scale
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The $2 Billion Question No One 
Could Answer

The CFO of a Fortune 500 diversified industrial 
company sat across from her transformation 
team with what seemed like a straightforward 
request. The board wanted to accelerate capital 
allocation decisions to stay competitive with private 
equity firms circling their industry. “How long,” she 
asked, “does it take us to go from receiving an 
investment proposal to delivering a board-ready 
recommendation?”

The silence that followed wasn’t comfortable.

“It depends,” the VP of Capital Planning finally 
ventured. 

“On the business unit, the proposal type, the time of 
year, who’s available...”

“Give me a range,” the CFO pressed.

The Reality Check: Where AI 
Transformation Stalls

The enterprise AI market is on fire. According to 
PwC’s 2025 AI Agent Survey, 79% of organizations 
have adopted AI agents at some level, and 88% 
plan to increase AI-related budgets in the next 
12 months. Gartner predicts that by 2028, 33% 
of enterprise software applications will include 
agentic AI, up from less than 1% in 2024.

But here’s the uncomfortable truth hidden in those 
optimistic numbers: McKinsey’s 2025 State of AI 
report reveals that while 23% of organizations are 
scaling agentic AI systems somewhere in their 
enterprise, most are stuck in experimentation. 
Nearly two-thirds haven’t begun scaling AI across 
the enterprise. Only 39% report EBIT impact at the 
enterprise level.

“Anywhere from four weeks to four 
months.”

The CFO looked at theW scattered nods around 
the table. Different people, different answers. 
For a function that allocated $2 billion in capital 
annually—decisions that literally shaped the 
company’s future—no one could articulate with 
precision how those decisions actually got made.

This isn’t an unusual situation. It’s the norm.

And it reveals why most agentic AI transformations 
in strategic functions like capital allocation fail 
before they begin. You can’t automate what you 
haven’t defined. You can’t orchestrate what you 
don’t understand. And you can’t deploy intelligent 
agents into a process that exists primarily in 
people’s heads.  

The gap between pilots and production is massive.

And for strategic functions like capital allocation—
where decisions involve judgment, nuance, and 
high-stakes trade-offs—that gap is even wider. 
A 2021 EY survey of 1,050 CFOs found that 56% 
said their capital allocation strategy needs to 
be completely rethought, and 80% believed their 
capital allocation process needs improvement. 
Yet here we are in 2026, and most are still operating 
on spreadsheets, tribal knowledge, and manual 
workflows.

Why? Because they’re approaching the problem 
backwards.

https://www.pwc.com/us/en/tech-effect/ai-analytics/ai-agent-survey.html
https://www.gartner.com/en/articles/top-technology-trends-2026
https://www.mckinsey.com/capabilities/quantumblack/our-insights/the-state-of-ai
https://www.mckinsey.com/capabilities/quantumblack/our-insights/the-state-of-ai
https://www.ey.com/en_gl/services/strategy-transactions/capital-allocation-services/is-your-capital-allocation-strategy-a-long-term-plan-or-short-term-fix
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Technology vendors make it sound easy: “Deploy 
our agentic AI platform and watch your capital 
allocation transform!” Systems integrators promise: 
“We’ll implement AI agents in 12 weeks!”

What they don’t tell you is that their success 
depends entirely on something they can’t provide: 
clarity about how your process actually works.

Most organizations operate under a dangerous 
assumption: “Our capital allocation process is 
basically fine—it’s just slow and manual. If we 
automate it with AI, we’ll get the same outcomes 
faster.”

This assumption is wrong on multiple levels.

First, if you can’t measure your current state, you 
can’t know if AI is making it better. When JPMorgan 
suffered a $6.2 billion trading loss partly due to 
a spreadsheet error in their risk model, it wasn’t 
a technology problem—it was a process visibility 
problem. When enterprises deploy capital to 
suboptimal investments because they’re evaluating 
projects sequentially rather than holistically, that’s 
not an efficiency problem—it’s a design problem.

Second, strategic functions like capital allocation 
are fundamentally different from operational 
processes where RPA and traditional automation 
thrive:

•	 Operational processes are repetitive, rule-based, 
clearly defined, and stable over time. Think 
invoice processing: same 12 fields, same approval 
hierarchy, 10,000 times per month. You can map 
the happy path, automate the clicks, handle 
exceptions.

•	 Strategic processes are variable, judgment-
intensive, context-dependent, and evolving with 
market conditions. Every capital investment is 
unique. Assumptions are debatable. Trade-offs 
are subjective. The “right answer” depends on risk 
appetite, strategic priorities, and factors that won’t 
appear in any financial model.

Applying operational automation playbooks to 
strategic functions is like using a hammer when you 
need a scalpel.

The Fatal Assumption: 
“Let’s Just Apply AI to Our Process”

https://www.henricodolfing.ch/case-study-18-how-excel-errors-and-risk-oversights-cost-jp-morgan-6-billion/
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Process clarity isn’t about drawing swimlane 
diagrams. It’s about making the implicit explicit. It’s 
about surfacing the judgment that lives in people’s 
heads, the assumptions that vary by business unit, 
the rework loops that everyone accepts as normal.

Consider what makes capital allocation uniquely 
complex:

Distributed knowledge: The VP of Capital Planning 
knows the board’s risk appetite. The business unit 
CFO knows which projects are strategically critical 
versus opportunistic. The analyst team knows which 
assumptions proved wrong in past investments. But 
this knowledge doesn’t exist in any system—it lives 
in email chains, tribal wisdom, and the institutional 
memory of people who might leave next quarter.

Implicit decision logic: “We always approve 
greenfield investments over brownfield if the IRR is 
within 2 percentage points” is a real decision rule 
at one industrial company. But it’s not written down 
anywhere. It’s just “how we do things.” Until you bring 
in a new executive who doesn’t know the unwritten 
rules, approves a brownfield project, and the 
Investment Committee asks, “Why didn’t we follow 
our normal framework?”

Variable workflows: A $5 million investment in one 
business unit goes through a completely different 
approval process than a $5 million investment 
in another unit. The templates are different. The 
assumptions are different. The hurdle rates are 
different. No one thinks this is weird until you try to 
optimize capital allocation at portfolio level and 
realize you’re comparing apples to oranges.

Judgment over calculation: NPV is math. IRR is 
math. But capital allocation is judgment about 
timing, risk, strategic fit, organizational capability, 
competitive dynamics, and a dozen other factors 
that don’t fit neatly into a discounted cash flow 
model.

Now try deploying AI agents into this environment 
without first making these complexities explicit and 
measurable.

You’ll get plausible-sounding recommendations 
that no executive trusts. You’ll get “black box” 
decisions that fail governance reviews. You’ll get 
agents optimizing for local efficiency while missing 
strategic trade-offs. And you’ll end up with another 
failed AI pilot program.

What Process Clarity Actually Means 
(And Why It’s Hard)



6 © Evalueserve. All rights reserved. evalueserve.com

Over the past five years, working with global 
enterprises on agentic AI transformations for 
capital allocation, we’ve learned that successful 
deployments follow a specific pattern. They don’t 
start with technology. They start with forensic 
process decomposition.

Here’s how it works:

Phase 1: Make the Invisible Visible (3-4 weeks)

Objective: Map the current state with surgical 
precision—not how the process should work, but how 
it actually works.

What this looks like:

	— End-to-end workflow mapping across business 
units and investment types

	— Tracking every handoff, every decision point, 
every “it depends”

	— Time-and-motion study: Where does effort 
actually go?

When we did this with an energy company 
allocating $500M annually, here’s what we found:

	— Data gathering and reconciliation: 35-40% 
of analyst time (pulling data from 6 different 
systems, reconciling differences, tracking down 
missing information)

	— Building and rebuilding models: 20-25% 
(creating cash flow models, updating when 
assumptions change, debugging circular 
references)

	— Formatting outputs for different audiences: 
15-20% (translating analysis into decks for 
Investment Committee, CFO, business units)

	— Actual strategic analysis: 15-25%

The inversion was stark. The most strategic thinkers 
in the organization were spending 75% of their time 
on tasks that didn’t require strategic thinking.

But the real insight came from surfacing implicit 
decision rules through what we call “decision 
archaeology”: analyzing the last 20 approved 
investments and the last 20 rejected investments to 
identify patterns.

Turns out, the Investment Committee had clear but 
unwritten rules:

	— Decarbonization investments got approved at 
8% IRR while traditional projects needed 12%

	— Projects with policy dependency risk were 
automatically flagged even if financially 
attractive

	— Investments led by the VP who’d been there 15 
years got less scrutiny than those from newer 
business unit leaders

None of this was documented. All of it was real.

The deliverable: A baseline that quantifies exactly 
how capital allocation works today—cycle times, 
effort allocation, implicit rules, and pain points. Not 
a PowerPoint vision of the ideal state, but a data-
driven view of reality.

The Four-Phase Methodology: 
How to Get Process Clarity Right
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Phase 2: Quantify the Current State (2-3 weeks)

Objective: Measure what’s measurable so you can 
manage what matters.

What this looks like:

	— Cycle time measurement: Proposal intake 
IC recommendation (by investment type, by 
business unit)

	— Effort quantification: Hours per investment, 
hours per scenario analysis, hours per rework 
cycle

	— Quality metrics: How often do governance 
reviews trigger assumption changes? (30% is 
common)

	— Learning gaps: Do we track post-investment 
performance? Do learnings feed forward into 
future decisions?

This phase reveals what we call “the hidden tax” —
the strategic opportunity cost of manual processes.

At one industrial company, we discovered that 
running a detailed scenario analysis took 2-3 days 
of analyst effort, so the team only explored 2-3 
scenarios per major investment. Sounds reasonable 
until you realize they recently approved a $250M 
gas-fired generation project after testing only three 
scenarios: base case (8% IRR), high gas prices, and 
low gas prices.

What they never tested: accelerated renewables 
adoption combined with carbon pricing. That 
scenario would have flagged stranded asset risk. 
The project got approved. Four years later: $80M 
asset impairment.

The cost of scenario poverty: ~$10M per year for this 
company based on 1 in 10 major investments having 
a surprise downside.

The deliverable: Quantified costs and constraints 
that create the business case for transformation—
not “AI will save analyst time” but “we’re leaving 
$20-30M annually on the table due to analytical 
constraints.”
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Objective: Translate process steps into agent 
responsibilities—not “build an AI for capital 
allocation” but “this agent does X, that agent does Y, 
they orchestrate like this.”

What this looks like:

	— Clustering process steps into logical agent 
responsibilities

	— Defining agent inputs, outputs, and 
orchestration logic

	— Specifying human-in-the-loop checkpoints 
based on risk and materiality

	— Building explainability requirements into agent 
design from day one

This is where process clarity becomes architectural 
blueprint.

For the energy company, we mapped their process 
to a crew of specialized agents:

Investment Intake Agent: Standardizes proposals, 
checks completeness and policy alignment, flags 
missing assumptions. Operates on every proposal 
automatically. Human checkpoint: business unit 
confirms standardized version matches intent.

Data Synthesis Agent: Pulls financial, operational, 
and market data from internal systems. Integrates 
external datasets (commodity prices, policy 
incentives, benchmarks). Creates a single, 
versioned analytical dataset. Human checkpoint: 
finance team validates data quality monthly.

Financial Modeling Agent: Builds standardized cash 
flow models, computes NPV/IRR/payback, ensures 
consistency across proposals. Human checkpoint: 
analyst spot-checks 10% of models.

Scenario & Risk Agent: Auto-generates downside/
base/upside cases, stress-tests key value drivers, 
quantifies risk-adjusted returns. Human checkpoint: 
senior analyst reviews scenarios for strategic 
investments >$25M.

Phase 3: Design the Agent Architecture (3-4 weeks)

Portfolio Optimization Agent: Compares all 
proposals against capital constraint, applies 
strategic weights, identifies optimal allocation 
combinations. Human checkpoint: CFO reviews 
portfolio-level trade-offs before IC.

ESG & Impact Agent: Quantifies emissions impact 
using standardized methodology, translates ESG 
outcomes into financial equivalents using internal 
carbon price. Human checkpoint: sustainability 
team validates methodology quarterly.

Recommendation & Reporting Agent: Synthesizes 
all agent outputs into IC-ready recommendation, 
generates audit trail. Human checkpoint: VP of 
Capital Planning reviews all recommendations 
before IC submission. 

Every agent must explain its logic. Every 
recommendation must include: supporting data 
sources, key assumptions applied, sensitivity to 
assumption changes.

This is how you build trust.

The deliverable: Agent architecture blueprint that 
specifies responsibilities, orchestration logic, human 
checkpoints, and explainability requirements.
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Objective: Start with highest pain/highest 
confidence combinations—not everything needs to 
be agentic on day one.

What this looks like:

	— Evaluating each potential agent for: pain level 
(how much does the manual version hurt?), 
confidence level (how well do we understand 
the task?), and risk level (what happens if the 
agent makes a mistake?)

	— Prioritizing high pain + high confidence + low 
risk for MVP

	— Sequencing complex/high-risk agents for later 
phases once trust is established

For the energy company’s MVP:

High Priority (Phase 1):

	— Investment Intake Agent: Huge pain 
(inconsistent proposals), low risk (just 
standardization), high confidence

	— Data Synthesis Agent: Huge pain (manual 
aggregation from 6 systems), medium risk 
(data quality matters), high confidence

	— Financial Modeling Agent: Medium pain 
(repetitive work), medium risk (models must be 
accurate), high confidence

Phase 4: Prioritize for MVP (1-2 weeks)

Medium Priority (Phase 2):

	— Scenario & Risk Agent: Medium pain (time-
consuming), medium risk (scenarios must be 
relevant), medium confidence

	— Reporting Agent: Medium pain (formatting 
work), low risk (just presentation), high 
confidence

Lower Priority (Phase 3):

	— Portfolio Optimization Agent: Huge potential 
value but requires trust in component agents 
first

	— ESG & Impact Agent: Requires organizational 
alignment on methodology before automation

The deliverable: Phased implementation 
roadmap that delivers value early while building 
organizational trust.
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Let’s return to the energy company allocating $500M 
annually across renewables, grid infrastructure, and 
traditional generation.

The presenting problem: “We need AI to help us 
allocate capital faster and better.”

What process decomposition revealed:

	— Three business units using completely different 
proposal templates and financial models—no 
way to compare investments fairly

	— Decarbonization impact discussed qualitatively 
in narrative sections, never quantified

	— Risk scenarios created inconsistently (some 
Monte Carlo, some high/low, some nothing)

	— No systematic tracking of post-investment 
performance vs. original projections

	— 30% of Investment Committee meetings 
requesting “revised analysis” due to 
assumption inconsistencies

What we did (Process Clarity): We spent 8 weeks 
making the current state explicit:

Created standardized proposal intake with 
mandatory fields for capex, opex, demand 
assumptions, policy dependency, and emissions 
impact. Built assumption library with pre-approved 
ranges for commodity prices, interest rates, and 
carbon prices. Defined three standard risk scenarios 
every proposal must include: conservative (worst 
10th percentile), base (median), and optimistic (90th 
percentile). Created decision matrix showing which 
factors historically drove IC approval/rejection.

What we then built (Agent Design): Only after 
process clarity did we deploy agents:

Investment Intake Agent enforces template, flags 
missing elements, validates against assumption 
library. Scenario Agent auto-generates three 
risk cases using standard methodology. ESG 

Agent calculates emissions impact in CO2e, 
converts to dollars using internal carbon price. 
Recommendation Agent compares proposal to 
historical decisions, highlights similar investments 
and outcomes.

The outcome (12 months post-deployment):

	— Cycle time from proposal to IC-ready: 
6 weeks -> 2 weeks

	— Analyst effort per investment: 40 hours -> 15 
hours

	— IC rework requests: 30% -> 8%
	— Most importantly: Portfolio-level capital 
optimization now runs quarterly (wasn’t 
possible before)

But the biggest win? The company’s strategic 
capacity expanded.

With agents handling data aggregation, model 
building, and scenario generation, the capital 
allocation team started asking questions they’d 
never had bandwidth to explore:

•	 “What does our portfolio look like under 10 different 
macro scenarios, and which investments appear 
in all of them?”

•	 “Can we quantify the option value of waiting 6 
months before committing to this investment?”

•	 “If we reallocated capital quarterly instead of 
annually based on performance, what would that 
enable?”

These aren’t questions you ask when you’re 
drowning in spreadsheets. They’re questions you ask 
when process clarity unlocks strategic capacity.

The Real-World Test: What We Learned from 
Energy Transformation



11 © Evalueserve. All rights reserved. evalueserve.com

Anti-Pattern #1: “Let’s start with a pilot”

Sounds agile. Actually creates technical debt.

You build agents for a narrow use case without 
understanding the full process. Then you discover 
the narrow use case depends on 5 other steps you 
didn’t map. Now you have orphaned agents that 
don’t integrate with anything.

The fix: Resist the urge to “just build something.” 
Invest the 10-12 weeks in process decomposition 
first. The agents you build later will integrate properly 
because they’re designed around real process flows, 
not hypothetical ones.

Anti-Pattern #2: “We’ll figure out governance 
later”

No executive will trust recommendations they can’t 
explain. No audit committee will approve “black box 
capital allocation.”

Governance isn’t a Phase 2 problem. It’s a design 
requirement from day one.

The fix: Build explainability into agent architecture 
from the start. Every recommendation must include: 
data sources used, assumptions applied, sensitivity 
to key drivers. Design human checkpoints based 
on risk and materiality. Create audit trails that can 
reproduce any historical recommendation.

Anti-Pattern #3: “Our process is unique, so we 
need a custom solution”

Some things are unique (your strategy, your risk 
appetite, your markets). Most things are not (the 
math of NPV, the structure of scenario analysis, the 
need for data validation).

Process decomposition reveals what’s truly unique 
vs. what’s industry-standard. This determines what 
you build custom vs. what you configure from 
accelerators.
The fix: Use the 80/20 rule. Build unique strategic 
logic custom. Configure standard analytical tasks 
from proven accelerators. Your differentiation 
comes from orchestration, not from rebuilding 
standard financial models.

Anti-Pattern #4: “Let’s train an LLM on our 
historical investment memos”

LLMs are powerful. They’re not magic.

Feeding them unstructured historical context 
without process structure creates plausible-
sounding nonsense. A large language model will 
happily tell you “based on historical patterns, 
investments with policy dependency are typically 
approved if IRR exceeds 10%” when in reality, the 
pattern is more nuanced.

The fix: Use process decomposition to determine 
what knowledge the LLM needs, in what structure, 
with what validation. Then use LLMs to help 
synthesize insights, not as a substitute for process 
understanding.

The Anti-Patterns: What Not to Do
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Capital allocation is just one example. The same 
principles apply to any strategic function where 
you’re considering agentic AI:

	— Strategic planning: If you can’t articulate how 
your company creates strategy today, AI won’t 
magically create better strategy

	— M&A deal evaluation: If judgment about 
cultural fit lives in executives’ heads, agents 
won’t capture it

	— Pricing optimization: If every region has 
different rules for discount approval, 
standardize first

The pattern is universal: Process clarity before agent 
design.

Not because we’re pedantic consultants who love 
process maps. But because agentic AI systems are 
only as good as the orchestration logic you give 
them.

You can’t orchestrate what you don’t understand.

Why This Matters Beyond Capital Allocation
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Here’s what keeps me up at night: the companies 
that figure this out are pulling away fast.

Private equity firms are already running portfolio-
level capital optimization across 20-30 companies 
simultaneously. They can reallocate capital 
quarterly based on performance. Your manual 
process can’t compete with their analytical 
firepower.

Tech-forward industrials run thousands of 
investment scenarios. Capital allocation grounded 
in data, not just intuition. They can pivot faster 
because they can re-optimize in days, not months.

The gap between companies that have process 
clarity and those that don’t is widening. And it 
compounds.

Companies paying the “hidden tax” of manual 
processes: slower decisions, suboptimal allocation, 
weak learning loops.

Companies using agentic AI: faster decisions, 
portfolio-optimized allocation, continuous 
improvement.

Over 5-10 years, this becomes massive competitive 
advantage.

The Competitive Imperative
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Not “What should our AI strategy be?”

But “Can we articulate, with precision, how a capital 
allocation decision gets made today?”

If the answer is no—or if different people give 
different answers—that’s not an AI readiness 
problem. That’s a process clarity problem.

And solving it doesn’t require expensive AI platforms 
or teams of ML engineers. It requires 10-12 weeks of 
disciplined work:

Making the invisible visible. Quantifying the current 
state. Surfacing implicit rules. Measuring cycle times 
and effort allocation.

The ROI on that clarity will compound for years—
whether you deploy agents, humans, or both.

Because once you have process clarity, everything 
becomes possible:

	— You can deploy agents that actually integrate 
with your workflow.

	— You can explain recommendations to skeptical 
executives.

	— You can measure improvement against 
baseline.

	— You can continuously optimize as your business 
evolves.

But without process clarity, you’re just building 
expensive chatbots.

The Question That Starts Transformation



15 © Evalueserve. All rights reserved. evalueserve.com

If you’re a CFO or transformation leader considering 
agentic AI for capital allocation (or any strategic 
function), here’s what we recommend:

Before you buy an AI platform or hire ML engineers:

Run the diagnostic: 

Can your team answer these questions with 
precision? 

•	 What’s the average cycle time from proposal to 
recommendation (by investment type)?

•	 What % of analyst time goes to data gathering vs. 
strategic analysis?

•	 What implicit decision rules drive your Investment 
Committee approvals?

•	 How often do governance reviews trigger 
assumption changes?

•	 Do you track post-investment performance vs. 
projections?

If you can’t answer these confidently: 
	— Invest 8-12 weeks in process decomposition 
first. Make your current state explicit and 
measurable.

Then and only then: 
	— Design your agent architecture. Because now 
you’re designing orchestration around real 
process flows, not hypothetical ones.

The ultimate measure of success isn’t “how 
many agents did we deploy?” It’s “can we now ask 
strategic questions we couldn’t ask before?”

That’s the unlock. That’s what process clarity 
enables.

And that’s worth far more than another failed pilot 
program. 

This article is based on Evalueserve’s work helping 
Fortune 500 companies deploy agentic AI for 
strategic functions. Our approach combines deep 
domain expertise in capital allocation, analytics, and 
data management with proven AI accelerators built 
on enterprise-grade platforms. We’ve learned these 
lessons through 25 years of working with global 
enterprises to help them achieve better business 
outcomes.

The Path Forward

Ready to start the conversation?

The first step isn’t deploying AI.

It’s achieving process clarity.  
 
Let’s talk about what that looks like 
for your organization.

Reach out to us for more info: 
evalueserve.com/speak-to-expert 

Sujay Dutta
Director, Innovation  

Gauravgeet Singh
Director, Energy and Decarbonization
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